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ID birth of birth | education income | children | alcohol | participate
2114 | 1946 PhD 82800 | 0 1006 1
2174 | 1954 Graduation | 46344 1 11 0
2225 | 1977 Graduation | 82582 | 0 54 1
4141 | 1965 Graduation | 71613 | 0 426 0
4855 | 1974 PhD 30351 1 14 1
5324 | 1981 PhD 58293 1 173 0
5524 | 1957 Graduation | 58138 | 0 635 0
6182 | 1984 Graduation | 26646 1 11 0
7373 | 1952 PhD 46610 | 0 8 1
9909 | 1996 2n Cycle 7500 0 24 1
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